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Abstract In this paper, we describe a tool for debugging the output and attention weights of
neural machine translation (NMT) systems and for improved estimations of confidence about the
output based on the attention. We dive deeper into ways for it to handle output from transformerbased NMT models. Its purpose is to help researchers and developers find weak and faulty
translations that their NMT systems produce without the need for reference translations. We
present a demonstration website of our tool with examples of good and bad translations: http:
//attention.lielakeda.lv.
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1.

Introduction

As one of the primary use-cases for the modern computer, automated translation of texts
from one language into another or machine translation (MT) has evolved vastly since
its early days in the 1950s. There have been several large paradigm shifts that have
greatly impacted the field of MT - rule-based MT (RBMT), statistical MT (SMT) and
neural network MT (NMT) (Bahdanau et al., 2014). With each paradigm shift detailed
understanding of how the system produces its final translation has changed from fully
clear in the case of RBMT to slightly less, but often still predictable in SMT, to often
completely unpredictable in NMT. Many current tools for inspecting results of statistical phrase-based approaches are either not compatible or serve little purpose in dealing
with neural network generated output.
To address the lack of tools for inspection and analysis of NMT translations, we propose a tool for browsing, inspecting and comparing translations specifically designed
for NMT output. The tool uses the attention weights that correspond to specific token
pairs, which are generated during the decoding process, by turning them into one of
several visual representations that can help humans better understand how the output

